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Forecast of short—term precipitation in Guangxi based on ConvLSTM

Huang Qiqiao', Mai Xiongfa', Li Ling®, Tang Jing®, Tang Feilong'

(1. School of Mathematics and Statistics, Nanning Normal University, Nanning 530001, China;

2. School of Geography and Planning, Nanning Normal University, Nanning 530001, China)

Abstract: Aiming at the problem of low prediction accuracy of traditional radar echo extrapolation

algorithms in the process of rapid growth or dissipation of precipitation, the paper established a ConvLSTM echo

extrapolation model by using the South China radar echo mosaic data to study short —term precipitation in

Guangxi. The accuracy rate (POD), critical success index (CSI) and false alarm rate (FAR) evaluation models

in meteorological services were used, and ConvLSTM was compared with the optical flow method. The
experimental results show that the CSI and POD of the ConvLSTM prediction result are 0.06 and 0.059 higher
than that of the optical flow method, respectively, while the FAR decreases by 0.058. This shows that ConvLSTM

has a higher accuracy of echo extrapolation than the optical flow method, which can provide a new method

reference for the forecast of short—term precipitation in Guangxi.

Key words: nowcasting; radar echo; ConvLSTM; optical flow



