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Application and expectation of artificial intelligence
in typhoon monitoring and forecasting

Zhou Guanbo'?, Qian Qifeng'”, Lv Xinyan', Nie Gaozhen'
(1.National Meteorological Center, Beijing 100081, China;2.National Key Laboratory for Disaster Weather of

Chinese Academy of Meteorological Sciences,Beijing 100081, China)

Abstract: In recent years, artificial intelligence technology has occupied an important position in the field

of artificial intelligence, and has become a hot spot in contemporary scientific research, especially in image

recognition, which shows great potential advantages, has a great enlightenment on the development of

meteorological field, and also provides new ideas and directions for typhoon monitoring and forecasting in

meteorological field. In this paper, the application and development of artificial intelligence technology in typhoon

monitoring and forecasting are reviewed. Finally, the existing problems and future work prospects of artificial

intelligence methods in typhoon monitoring and forecasting are given.

Key words: artificial intelligence; typhoon monitoring; path forecasting; intensity forecasting; ensemble

forecasting



